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=> This study: all three levels + in various combinations
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EXAMPLES OF NON-NATIVE ACCENTS

Table 2: Summary of WERs for all combinations of acoustic and lexical modeling

DATA « Rules are derived by comparing the pronunciations from the . . .
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utterances of 5,000 speakers from all regions of the US) Table 1: Most frequent non-native pronunciation rules with rule ( More details about work presented on this poster, see paper submitted to ICSLP’06)

Baseline transcriptions automatically obtained frequencies ("-" means that the rule frequency < 3.0% )



